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What Sets Eastern Analytics Apart From 

the Rest?

1

We have extensive 
experience 
in all aspects of business 
intelligence (BI) and 
Machine Learning (ML).  

2

Our functional knowledge 
allows us to understand
your sources and 
requirements to build 
solutions that meet your 
needs .

3

Our technical knowledge 
allows us to design 
systems that are robust, 
flexible, and secure -
helping you maximize ROI 
for years to come. 
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About Us
Eastern Analytics’ architects 

have been building platforms 

and helping customers unlock 

the true value of data for over 

25 years.

We specialize in Microsoft 

Analytics, Azure AI/ML and 

Power BI.
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Our Services
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Solution Architecture

Azure AI & Machine Learning

Dashboards & Visualizations

Data Engineering

Technology Advisory

Staff Augmentation



Kerrilee Pietroski

Kerrilee is Eastern Analytics’ Director of Marketing & Communications, 
leading strategic marketing initiatives and corporate communications.

Kerrilee.Pietroski@eastern-analytics.us

Scott Pietroski

As Eastern Analytics’ founding partner, Scott’s focus is Solution 
Architecture, customer engagement and project delivery.

Scott.Pietroski@eastern-analytics.us

About Us
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Today’s Presentation:
• Overview of Microsoft Power BI & Azure ML

• Azure ML– Predict automobile Prices – multiple 
regression using Auto ML

• Display simple use case while consuming the 
model in Power BI 

• Azure ML – Predict Beer/Wine demand -time 
series forecast

• Consumption of the model in Power BI

• Considerations when designing a reliable 
forecasting model

• Q&A
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• Two flavors of PBI available
• PBI Desktop – Stand-alone application, 

development work stored locally

• PBI Service – A web service similar to PBI 

Desktop + web-publishing and access control 

capabilities.

• AI/ML Integration – Both the desktop and the 

web service allow consumption of Azure ML 

models.

Power BI Desktop & Service
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AI/ML Consumption in PBI

Things to Know – Using Power Query

• Wizard Based – System Automatically suggests column 
mappings based on target data types

• Data Preparation – Inference data goes thru the same 
data guardrail and preparation steps that were applied 
to the training set

Azure ML – You can consume/apply any ML model 
created on the Azure ML platform.   
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Azure ML – High Level

Functional
• A stand-alone environment for machine 

learning

• Seamless integration with Power BI

• Includes Auto ML functionality and an entire 

toolkit for building and deploying ML models

• It is an ML platform, designed for Enterprise 

level ML. GUI or code driven

• Provides a framework of common data 

science tools (Jupyter notebooks etc.)
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Technical

• Data volume/size is unlimited

• All data is stored in your own ADLS storage 

account

• Access Control: Role Based Authorizations

• Model retraining orchestrated thru the Azure 

Data Factory



Example 1: Auto Sales Forecast – The 
Datasets

Data Source: Kaggle – Ebay Used Car Sales. Data staged in Azure SQL Database
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Training Data – Historical Sales

Inference Set – We want 
to predict Price



Example 1: Auto Sales Forecast –
Multiple Linear Regression

Azure ML

Auto ML: Supervised Machine Learning Problem
1. Connect Azure ML to a Data Store

2. Register a Data Asset (Training Set)

3. Create new Automated ML Job

4. Review job results

5. Publish a model

Data Source: Kaggle – Ebay Used Car Sales

*Data pre-staged in Azure SQL Database
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Example 1: Auto Sales Forecast –
Power BI Consumption

Power BI

1. Connect Power BI to Inference Set
2. Power Query - type fields for alignment with ML Model
3. Power Query – assign ML model to data set
4. Power Query – assign proper types for reporting
5. Consume your data on a Power BI Reporting screen
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Example 2: Time Series Forecast 
– The Datasets

Data Source: Kaggle – Grocery Sales in Ecuador. Data staged in Azure SQL Database
11 14

Training Data – Historical Sales

Testing Data – We want 
to predict future sales

Additional Features?
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Example 2: Time Series Forecast / 
Regression

Azure ML

Auto ML: Supervised Machine Learning Problem
1. Create Data Assets– You want a training set and testing 

set. Testing set should occur later than training set

2. Create new Automated ML Job

3. Review job results

4. Publish a model

Data Source: Kaggle – Grocery Sales in Ecuador

*Data pre-staged in Azure SQL Database
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Example 2: Time Series Forecast –
Power BI Consumption

Power BI

1. Connect Power BI to Training and Inference Set

2. Power Query – prep your data for ML model consumption

3. Power Query – assign ML model to both data sets

4. Power Query – create append table to combine data

5. Present your data showing history + forecast values

6. Present your data showing history/actuals vs. 

history/forecast

14

1

2

3

5

4

2

13

OVERVIEW EXAMPLES CONSIDERATIONSINTRODUCTION EXAMPLES



Creating Better Forecasts
ML Considerations

1. Can you add or engineer relevant features? Time/Product/Store/Geography/Others?

*Azure ML automatically adds time features like year, week, month, day of week

2. Should you use a ‘Rolling Window’ / Sum / Moving Average function to smooth a forecast?

*Auto ML does not do this automatically, it is available in the SDK

3. Can you remove any features that are not significant?

*Auto ML does this as part of its ‘Data guardrails’

4. Are you dealing with seasonality? Seasonality is a cyclical pattern over time.

5. Are there patterns that are predictable? Like the Super Bowl? Do these patterns apply across 

your entire data set?

6. Be careful not to train with features that not available at inference time. Ex. Sales Quantity

7. Consider risk when combining forecasts. Are you forecasting the weather and using it as a feature

8. Experiment, experiment, experiment

1414

OVERVIEW CONSIDERATIONSINTRODUCTION EXAMPLES CONSIDERATIONS



Q & A

+1 (781) 783-7610 https://eastern-analytics.us



Thank You
+1 (781) 783-7610

https://eastern-analytics.usLet us know how we can help 
take your company to the next 
level to gain the competitive 
advantage.

We Are Here to Help




































































